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Fig.1 Flowchart of the algorithm of road recognition
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Table 1 I value under different color characteristics of the coefficient of variation
AR Formula FEA /D S ” OERRE/A
Sample size Coefficient of variation

I1=(R+G+B)/3 640X 480 32.467 7 102. 16 31.78

I,=(R+G)/2 640X 480 36.062 1 120. 20 30. 00

I,=(R+B)/2 640X 480 31.706 7 100. 04 31. 69
I;=(R+2G+B)/4 640X 480 32.530 5 102. 41 31.76
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Fig.3 Color eigenvalue statistical histogram
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Fig.4 The schematic diagram of boundary detection
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Fig.5 The boundary information under different k value
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Fig.6 The travel path graph
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Method of identifying rotary tillage path in paddy cultivation

LIU Yuzuo XIA Junfang

College of Engineering s Huazhong Agricultural University sWuhan 430070,China
Abstract To reduce the cultivation process of heavy plow,leakage phenomenon of tillage,improve
work efficiency,a method of identifying path for rotary cultivator based on the paddy field unstructured
environment color image collected by visual navigation system was designed. Choosing the suitable color
feature of paddy field was discussed. Considering that the soil area has less noise and the straw area has
more noise,the over and compensation method was used to denoise the paddy image. The feature value of
each pixel color was acquired by progressively scanning the image. The border information was obtained
by using difference of the color feature between the straw area and soil area. The least squares technique
was used to make a line and acquire the elevation angle which is the steering angle of rotavator. The rota-
vator's direction of advance which is the path information was determined. This method achieved good re-
sults in static image processing. It will be improved by the field test.

Keywords rotary tillage buried mower; visual navigation system; path recognition; over and com-

pensation method; steering angle
(AR L)



